
• Casually captured NeRFs have artifacts such as floaters of flawed geometry 
• Current NeRF evaluation fails to address the in-the-wild setting with novel views far from train
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TLDR: We propose an evaluation procedure for in-the-wild NeRFs, and we present a method that uses a 3D diffusion prior to clean NeRFs

• We propose an evaluation setting with two separate videos for training and evaluation 
• We create and release the Nerfbusters Dataset which consists of 12 captures, 2 videos each 
• We train a local 3D diffusion prior and apply a Density Score Distillation Sampling (DSDS) loss
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• We train a NeRF on both train and evaluation videos to create pseudo GT 
• We evaluate on visible regions and report coverage

• We train a local 3D diffusion prior on 
small cubes on ShapeNet 

• We sample NeRF densities and 
apply the prior with a Density Score 
Distillation Sampling (DSDS) loss 

• Our method is applied as a post-
processing step 

• We importance sample cube 
locations based on NeRF rendering 
densities

• We penalize densities if they are not visible by any training views 
• The visibility loss is easy to implement with camera frustum checks

• Our learned 3D prior favorably reduces floaters compared to hand-crafted 
methods such as sparsity loss, total-variation loss, or RegNeRF

• Our method deletes geometry but cannot inpaint color 
• Our method does not scale to large scenes due to spatial aliasing

Decrease densities

where diffusion model 

predicts empty space 

Push densities above w

where diffusion model 


predicts occupied space 
Predicted empty space where m is 1


